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Embedding Predictive Analytics into the Corporate Culture 
 
Any of you who are reading this article understand that the principles of predictive analytics are 
not necessarily new. What is new is its growing importance as a common core business 
discipline.  For many organizations, the outcome of this growing importance is an increase in 
tactical type solutions.  
 
Typically, this would involve the standard batch type process of generating a solution. Let‟s 
look at an example: 
A predictive model has been built for a bank that targets customers for RRSP products. An 
RRSP campaign is now taking place and the marketing department wants the best names as 
determined by the model. In the batch world, this would require that the names be rescored 
with the updated information from a database presuming in fact that the database has been 
updated. These names might be further filtered and scrubbed with certain exclusion criteria as 
determined by marketing. Further manipulation of these lists might include the creation of test 
and control cells in order to test various concepts and ideas as well as to optimize profitability. 
All this above work would normally be done by a programmer or advanced analyst with 
programming skills. Once this work is done, the list might be sent to a lettershop, outbound 
telemarketing company, email deployment service or to the sales department as sales leads. If 
any other department desired names or information using this model, the request in effect 
would have to be funneled through the advanced analyst or programmer who is scoring the 
model. 
 
The batch process by its very nature creates a bottleneck in the sense that solutions requiring 
any predictive analytics component are always funneled back to the analyst or programmer as 
some type of work request.  If predictive analytics is going to be embraced as a common core 
discipline throughout the organization, its use and deployment need to include individuals 
throughout the organization without always involving the analysts or programmers who built 
the solution. This allows analysts and programmers to focus on solving complex business 
problems instead of devoting significant time on implementation of their solutions.. But this is 
easier said than done. How does an organization move towards a discipline where predictive 
analytics is embraced throughout the organization and where solutions can be deployed in real 
time without using up vital analytical resources? The key of course is automation - such that 
predictive analytics solutions become operationally entrenched. But what does this mean?  It 
means that all key stakeholders and departments become users of these solutions and more 
importantly access these solutions in a timely manner.  
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American Express: A Pioneer in Operationalizing Predictive Analytics  
 
The best way of describing this process is by way of example. During the late eighties and 
early nineties, American Express Canada was a pioneer at building predictive analytics 
solutions throughout the organization. Almost every marketing was based on predictive 
analytics solutions e.g. response rates for various marketing acquisition campaigns; defection 
rates among high value Cardmembers; and likelihood of payment default.  Further, solutions 
predicting response or attrition (cancel), and credit risk were combined to provide an 
approximation (estimate) or predicted value of customer profitability (note that the word 
“approximation” is used, as the real notion of profitability implies that all fixed and variable 
costs and revenues are factored into the definition; adopting this approach of calculating 
profitability in its truest sense would consume an inordinate amount of time and in fact be 
counter productive to the goal of what the company was trying to accomplish).  The goal in this 
exercise was not to arrive at an exact definition of customer profitability but rather a more 
relative measure of value that enabled the organization to differentiate customers based on a 
relative value.  This initiative required buy-in well beyond the analytics department. Finance, 
Marketing, Operations, and IT departments were all involved as key stakeholders in order to 
ensure that this so-called „Profit‟ metric be recognized as a  key measure  when engaging with 
customers.   
 
At the end of this process, consensus was obtained among all key stakeholders. Recognizing 
that the profit measure was relative rather than absolute, this measure was used to assign 
customers to different Cardmember “value” segments, with the very high group being the most 
profitable and the very low group being the least profitable. 
 
With agreement obtained on the value of this initiative, the next step for the analyst was to 
actually create this measure at the individual customer level.  SAS was used as the analytical 
tool and reports were built to see what this measure looked like when compared to other KBI‟s 
(key business indicator).  A example of one type of report is shown below. 
 

% of Customers 

ranked by customer 

profitability

Index of Avg. 

Profitability per decile

Index of Avg. 

Retention Rate per 

decile

Index of Avg. Monthly 

Customer Spend per 

Decile

0-10% 5 4.5 4.2

10%-20% 4.2 3.9 3.7

20%-30% 3.2 2.8 2.6

30%-40% 2.7 2.6 2.2

…

90%-100% 0.3 0.3 0.5  
 

% of Customers 

ranked by customer 

profitability

Index of Avg. Credit 

Risk Per decile

Index of Avg. Time to 

Make Payment

Index of Avg. # of 

other Products

0-10% 4.4 3 2.8

10%-20% 4 2.6 2.4

20%-30% 2.9 1.9 2

30%-40% 2.7 1.6 1.5

…

90%-100% 0.5 0.75 0.7  
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The above reports demonstrate that the profit metric did a very good job at being able to 
assess Cardmember retention, spend, and default  risk.   There is clear and consistent rank-
ordering of these KBI‟s against profit.  The profit metric also performs adequately in assessing 
average time to make payment and average # of products, although it is not as pronounced as 
the other KBI‟s. It is this kind of report that would provide valuable information to all the key 
stakeholders in determining whether or not the profit metric is a meaningful measure of 
profitability. 
 
With agreement on the Cardmember value measure, operationalizing this solution became the 
next priority. 
By way of operationalizing this solution it meant that each department and stakeholder 
embraced this metric and incorporated it as a key component of doing business.  Strategies, 
plans and performance measurement incorporated this measure as a key operating principle. 
Timely access and availability of the information is paramount for its use.  Ease of use and 
access to the become critical for successful implementation. Without it, the analyst would be 
inundated with requests and overwhelmed by the demand for the generation of value-based  
lists. As one might expect, this bottleneck would in all probability result in many of these 
requests not being completed in a time manner or not even being done at all. The 
organization‟s goal of embracing analytics and the use of profitability in effect becomes self-
defeating as stakeholders begin to lose interest in the use of this metric in attempting to 
achieve their business goals in a timely manner.     
 
 
Embedding Predictive Analytics into the I/T Environment 
The first step of automation is to hard code the measure within the current I/T environment. 
Extensive consultation and meetings need to occur between analytics, I/T and the business 
units that are reliant on these measures.  In this example, a profit measure referred to as a “net 
benefit number” actually represented the key profit metric. At that time, this measure was hard 
coded into the mainframe system with extensive checks and quality control measures to 
ensure that the all the development and programming routines done by the analyst in SAS 
were done correctly in the mainframe system.  Besides ensuring that the profit measure was 
correctly calculated within the system, routines and programs were also created to automate 
the production of lists and analytical requests. The programming here does not actually 
generate the lists or analytical requests but essentially empowers the end user to either 
generate their own lists or conduct their own analyses.  This means that there will be less 
requests by the end business user to the analyst as the end business user is now able to do 
more of these activities. Requests to the analysts by the end business user now become much 
more focused on exercises that require the more advanced analytical expertise of the analyst. 
 
 
Operationalizing the Solution Amongst the Business Stakeholders 
Yet, embedding predictive analytics as a real-time process within the organizaton‟s I/T 
infrastructure does not necessarily ensure its place as a core discipline within the overall 
business culture. All users of predictive analytics must clearly see its value both to the 
organization as well as within their own jobs. This means that not only marketing analysts and 
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credit analysts see the value but also people in the front-line who interact with customers on a 
day to day basis. A good example of this might include a financial institution where a given 
customer may call customer service and ask for information pertaining to an RRSP. The 
customer service rep (CSR) would address this request but also notice that the customer is 
considered as someone likely to be more predisposed towards obtaining a mortgage. This 
intelligence gleaned from the analytics allows the CSR to be more proactive in servicing the 
customer.  Another example would might involve a list of leads provided to a sales agent;  the 
list could include an indicator for which high value customers who are most likely to defect.  
 
The ability to “action” analytics across all constituent departments in an organization does not 
happen overnight. As with any change, there needs to be training or more importantly an 
„evangelization‟ of ideas.  Without this „evangelization‟, it becomes much more difficult for the 
front line employees and others in the organization to embrace these changes. Most human 
beings are not hard-wired for change. There must be a compelling reason for change to occur. 
In the case of analytics, it can be a series of talks by both the analytics and the department 
head individuals. Rather than delve into the arcane details of how a solution was developed, 
the emphasis is on the value of this solution to the organization and more importantly its value 
to the „front-line‟ person. For example, if an employee is measured on how much sales Ithey 
generate, then this solution should be able to deliver incremental sales which will translate into 
better job performance and ultimately the enhancement of career development opportunities. 
It is only through engagement of all stakeholders including the so-called „front line‟  people that 
analytics becomes a part of the corporate culture. In Thomas Davenport‟s best selling  book - 
„Competing on Analytics‟,  he stresses  the notion of analytics as being a significant 
competitive  advantage for  organizations in today‟s „knowledge‟ economy, and 
operationalizing analytics is the real key to success in achieving  this  advantage.     
 
     
 


